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A B S T R A C T

Background: Practitioner turnover in behavioral health settings is high and hinders the im-
plementation of new interventions.
Objective: This study examined practitioner and organizational characteristics that contribute to
high staff turnover in community behavioral health settings.
Participants and setting: Clinicians in nine community-based agencies participated. Included
agencies treated a high volume of families referred from child welfare.
Methods: This study was part of a larger trial testing the effectiveness of a Cognitive Behavior
Therapy for family conflict. Authors assessed predictors of turnover quantitatively and qualita-
tively. Quantitative data was collected prospectively (n= 169) on practitioner and organiza-
tional-level variables (e.g., demographics, professional practice, job satisfaction, emotional ex-
haustion, organizational commitment). Semi-structured interviews with practitioners who left
their agencies (n=40) provided qualitative data retrospectively.
Results: Forth-five percent of practitioners left their agencies over three years. Two predictors of
final survival status (lower age and lower job satisfaction) were associated with leaving the
agency at the p < .05 level; however, they accounted for very little variance. Qualitative themes
highlighted the importance of job characteristics, compensation, productivity requirements,
advancement opportunities, and co-worker relationships as influential in the decision to leave.
Conclusions: This study highlights the value of a mixed-method approach given that themes
emerged from the qualitative interviews that were not accounted for in the quantitative results.
Additional research is needed to better understand workforce turnover so that strategies can be
developed to stabilize the behavioral health workforce.

1. Introduction

Implementation of evidence-based practices (EBPs) to treat behavioral health conditions in community settings has been iden-
tified as a national priority (e.g., National Institute of Mental Health, 1998; New Freedom Commission on Mental Health, 2003).
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Effectiveness trials have tested the utility of specific treatments. Clinical initiatives have trained community practitioners in EBPs at
federal, state, and local levels. These efforts depend on a workforce that can learn, implement, and sustain EBPs. However, the
viability of the current community behavioral health workforce is questionable. Turnover rates within the behavioral health and
substance abuse workforce are estimated to be 30%–50% each year (Bjorklund, Monroe-DeVita, Reed, Toulon, & Morse, 2009;
Bukach, Ejaz, Dawson, & Gitter, 2015; Garner, Hunter, Modisette, Ihnes, & Godley, 2012; Substance Abuse & Mental Health Services
Administration, 2013; Zhu, Wholey, Cain, & Natafgi, 2016), with some estimates reaching 70 % (Ben-Dror, 1994; Selden, 2010).

High rates of staff turnover impact service delivery. Not only does turnover result in service and relationship disruption for
consumers, there also are substantial costs associated with recruitment, training, and supporting new staff (Ben-Dror, 1994;
Bjorklund et al., 2009), as well as strain on remaining staff when others leave (Iglehart, 1990). Turnover affects virtually every aspect
of community-relevant studies (e.g., family recruitment, practitioner recruitment, training, treatment implementation), which in-
hibits studies’ viability (e.g., Brabson, Harris, Lindhiem, & Herschell, 2020 In press). Further complicating this issue is the complexity
in understanding and measuring turnover given that some employees are asked to leave, and some underperforming employees
choose to leave. Thus, turnover is not always negative (Iglehart, 1990) because it can result in hiring stronger performing employees
(Wieder & Kruszynski, 2007).

Despite the potential benefits of turnover (e.g., opportunities to hire stronger employees), annual rates in the behavioral health
field far surpass what is considered a “healthy” turnover rate (Hoge et al., 2013; The Annapolis Coalition, n.d.). Even the most
conservative estimate (30 %) is three times the 10 % annual turnover considered ideal (Smith & Rutigliano, 2002). To identify options
for reducing these rates, several studies examined factors associated with turnover. In the general workforce literature, characteristics
associated with higher rates of turnover include having a greater number of children, shorter tenure with the agency, weak orga-
nizational commitment, poor leadership, low perceived autonomy, and low job satisfaction (Griffeth, Hom, & Gaertner, 2000). But
many characteristics are unique to behavioral health staff (e.g., emotional nature of the work, educational requirements, pay rates)
which might limit generalization of these findings.

Early studies of the behavioral health workforce focused on individual characteristics and found that high turnover rates were
associated with younger age, having a master’s degree (rather than more or less education) (Ben-Dror, 1994; Blankertz & Robinson,
1997), and high burnout and job stress (Aarons, Sommerfeld, Willging, Sommerfield, & Wilging, Cathleen, 2011; Beidas, Marcus,
Wolk, Powell, Aarons, Evans & Mandell, 2015). Recent studies examined organizational variables associated with turnover. One
state-wide survey of community behavioral health agencies found that larger agencies had higher turnover rates (Bukach et al.,
2015). Many studies found that negative organizational cultures (shared beliefs and expectations about day-to-day functions) and
climates (staff perceptions of the work environment) are associated with higher turnover rates (Aarons & Sawitzky, 2006; Aarons,
Sommerfeld, Willging, Sommerfield, & Wilging Cathleen, 2011; Beidas et al., 2015; Glisson, Schoenwald et al., 2008).

Data are mixed about the impact of salaries on behavioral health workforce turnover rates. While some studies show that turnover
is predicted by high salary (Tang, Kim, & Tang, 2000), there is mounting evidence that low salary is associated with greater turnover
(Beidas et al., 2015; Ben-Dror, 1994; Bukach et al., 2015; Sheidow, Schoenwald, Wagner, Allred, & Burns, 2007).

While there is increased interest in assessing community behavioral health professionals’ turnover rates, the existing studies have
limitations. For instance, studies often rely on participants’ retrospective reports of factors that may have contributed to their decision
to leave. Retrospective data may be more prone to hindsight biases than data collected prospectively. The literature includes studies
that consider related, but different dependent variables (i.e., turnover intention versus actual turnover). Some studies consider only
one level of factors (i.e., only individual or organizational factors) rather than multiple layers of this complex problem. These
limitations may account for some of the variation in study findings (Sheidow et al., 2007).

1.1. Workforce turnover within EBP implementation

Although high turnover rates are problematic in any community treatment setting, they are especially troublesome in agencies
implementing EBPs. Given the high cost of training clinicians in EBPs (Cook, Biyanova, & Coyne, 2009; Dopp, Hanson, Saunders,
Dismuke, & Moreland, 2017) understanding and preventing turnover among these staff is critical. Several EBP effectiveness and
implementation trials noted turnover rates slightly lower than those reported for the general behavioral health workforce. For
example, the following rates have been reported: 25 % at one year follow-up for child-focused Cognitive Behavioral Therapy (Beidas
et al., 2015); 49.5 % at 18 month follow-up for family-oriented Cognitive Behavioral Therapy (Kolko et al., 2012); 45 % at 2 year
follow-up for Dialectical Behavior Therapy (Herschell, Lindhiem, Kogan, Celedonia, & Stein, 2014), 31 % at two-year follow-up for
Parent-Child Interaction Therapy (Brabson, Herschell, Kolko, & Mrozowski, 2019); and 30 % at 29 month follow-up for SafeCare
(Aarons, Sommerfeld, Hecht, Silovsky, & Chaffin, 2009).

Considering these findings, some have suggested that EBPs may have a protective effect against high staff turnover. A study
examining implementation of SafeCare compared clinicians participating in SafeCare versus training as usual and found lower
turnover rates among clinicians implementing SafeCare (Aarons et al., 2009). Authors theorized that training in an EBP may reduce
the emotional exhaustion experienced by many clinicians, resulting in lower turnover (Aarons et al., 2009). However, our current
understanding of staff turnover within EBP implementation is complicated by differences across existing studies in the treatment
approach studied, population of focus, timeframe considered in reporting turnover, communities (e.g., urban/rural) included, and
service systems involved. And even in studies with lower reported turnover, rates are still considerably higher than considered
healthy

Within implementation science, many have highlighted the value of qualitative and mixed-method approaches to study EBP
dissemination and implementation (Dopp, Mundey, Beasley, Silovsky, & Eisenberg, 2019; Southam-Gerow & Dorsey, 2014).
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Qualitative methods provide in-depth understanding of a topic, particularly a complex, understudied subject, and when the per-
spective of participants might be multi-faceted, unknown, and important to understand (Palinkas, 2014). Qualitative methods can
complement quantitative methods by comparing, extending, expanding, and contrasting findings obtained with different methods
(Palinkas, 2014). With a mixed-method approach, broader sets of research questions and more comprehensive understanding is
possible (Creswell & Clark, 2018).

The current mixed-method study focused on understanding practitioner and organizational characteristics that contribute to high
turnover in an effectiveness trial. It sought to improve on previous research by including a multi-level (organizational and direct
service provider) analysis of turnover, studying actual (rather than intended) turnover, including a longer time-frame, and using a
mixed-method approach to facilitate a richer understanding of this complex phenomenon (Palinkas, Aarons et al., 2011). This study
was designed to: 1) identify predictors of which practitioners might be more likely to leave their organizations and 2) understand
practitioners’ perspectives on why they left, the incentives or changes that would have helped them stay, and the impact of parti-
cipating in a study and learning an EBP on turnover.

2. Method

2.1. Setting

The study was part of a larger, federally-funded effectiveness trial (R01 MH074737; Treatment of Child Physical Abuse: An
Effectiveness Trial, Kolko-PI) for Alternatives for Families: A Cognitive Behavioral Therapy (AF-CBT). AF-CBT is an evidence-based,
trauma-informed treatment designed to improve relationships within families that have experienced high-level conflict (Kolko,
Baumann, Herschell, Hart, Holden, & Wisniewski, 2012; Kolko, Herschell, Baumann, Hart, & Wisniewski, 2018). Seventeen programs
from 10 community-based child welfare or behavioral health agencies in two adjoining counties (one rural, one urban county)
participated in the effectiveness trial. Inclusion criteria were intentionally broad to enhance heterogeneity with the hope that
practitioners would be representative of those who provide behavioral health care to families involved with child welfare. To be
included, agencies were: 1) interested in learning AF-CBT; 2) willing to permit randomization; 3) treating families involved with
physically abusive or harsh parenting; and 4) able to meet the proposed family: practitioner ratio (3:1).

2.2. Participants

2.2.1. Quantitative
Given potential differences between urban and rural areas (e.g., funding/managed care organization, employment opportunities,

behavioral health and human service systems) that might impact workforce turnover (United States Census Bureau, 2016) and
because there was only one rural provider in the trial, the rural agency was excluded from this study. Data from 9 of 10 agencies
representing 169 participants were used for quantitative analyses in the current study. Programs within the 9 agencies fell into five
service categories including in-home services, family based mental health services, family-focused solution-based services, parent-
teen conflict, and outpatient programs (Kolko et al., 2012).

Recruiting from agencies in the effectiveness trial offered a valuable opportunity because there was already a rich prospective
data source that could inform the current project. Data on organizational and practitioner characteristics were collected from
practitioners at regular intervals (0, 6, 12, and 18 months) between 2006 and summer 2011. Staff changes within agencies were
carefully monitored over that same time.

2.2.2. Qualitative
To be included in qualitative data collection, participants from the larger effectiveness trial had to: 1) have left their agency, and

2) be direct service providers. Of the 169 participants in the study, 75 (44 %) left their agency in a three-year timeframe. Forty of 75
practitioners (53 % response rate) participated in an interview. See Fig. 1 for details regarding participant selection.

Practitioners were contacted by mail, email, and telephone. When recruitment started, participants in the effectiveness trial who
left their agencies one year before were contacted about participating in the qualitative study. The number of participants hinged on
the goal of reaching saturation (Bowen, 2008), or the point at which additional interviews would not contribute unique information.
When saturation was not reached with this initial group, participants who left their agencies two years before were contacted, and
when saturation was still not reached, participants who left three years before were contacted. This iterative approach is common in
qualitative methods and helped reach saturation with this purposive sample (Creswell & Clark, 2018). Despite persistent outreach,
about 40 % of the sample was unresponsive to recruitment efforts (N=31) or unreachable (N=2). There were no outright refusals
to participate.

2.3. Measures

2.3.1. Quantitative
2.3.1.1. Practitioner background form. An existing background form (Kolko, Cohen, Mannarino, Baumann, & Knudsen, 2009)
collected at baseline in the effectiveness trial was used to obtain demographics, educational history, professional practice
information, and job information.
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2.3.1.2. Organizational social context (OSC) questionnaire. The OSC is a measure commonly used in the EBP literature to assess
constructs related to organizational culture and climate. The OSC contains 16 first-order subscales, and has been shown to have good
psychometric properties (Glisson, Landsverk et al., 2008. Relevant to the current study were subscales assessing job satisfaction,
emotional exhaustion, and organizational commitment. Data from a representative sample of 1154 clinicians across the United States
indicated strong internal consistency for these subscales α= .84, α= .91, and α= .92 for job satisfaction, emotional exhaustion, and
organizational commitment, respectively; Glisson, Landsverk et al., 2008).

2.3.2. Qualitative
2.3.2.1. Semi-structured interviews. A semi-structured phone interview guide was developed and vetted through community
behavioral health stakeholders, including a Community Advisory Board, and was pilot-tested and refined prior to use. The
questions were intended to elicit the practitioner’s reasons for leaving his/her agency, what could have been done to encourage him/
her to stay, what he/she liked/disliked about participating in the parent study, and whether learning an evidence-based practice
contributed to leaving the agency. Examples of questions included: “What factors influenced your decision to leave the agency?”,
“What made you want to stay when you were considering leaving?”, “How did participating in the research study influence your
decision to leave or stay?”, and “How did learning an EBP influence your decision to leave your agency?” Additional demographic
information possibly related to job changes was collected, including details on current job, benefits, financial compensation, marital
status, children, and family responsibilities.

2.4. Data analysis

2.4.1. Quantitative data
2.4.1.1. Predictor variables. As quantitative data were collected from the effectiveness trial, many variables were considered for
inclusion as predictor variables in the current analyses. Preliminary analyses were run to screen variables for appropriateness based
on intercorrelations, normality of distributions, and variability. Two potential predictors were excluded due to high overlap (r ≥
0.70) and two were excluded due to insufficient variability (e.g., < 15 % base rate). Based on results of these preliminary analyses
and on previous literature, the following variables were chosen to assess in the current study: treatment setting (AF-CBT vs. TAU),
gender, recruitment time, education (Masters vs. Bachelors), minority status, age, years in the field, at least one year at the agency
(yes or no), and cumulative work experience across four types of child maltreatment. The literature supported inclusion of the OSC’s
job satisfaction, emotional exhaustion, and organizational commitment subscales as predictor variables.

2.4.1.2. Data coding. Final survival status was coded as a dichotomous variable, with a code of 1 assigned to practitioners who

Fig. 1. Flow diagram outlining the two different samples used within the current study.
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remained at their agencies and a code of 0 to those who left their agencies during the study. The number of days that practitioners
remained was recorded. For those who never left their agencies, the number of days was the same as the total number of days in
which they participated in the study. For all others, it was the number of days from the date of enrolling in the study to the day in
which they left their agency. Due to a delay between consent and the start of data collection and training, nine practitioners’ number
of days extended beyond the 18-month data collection period. Given the circumstances, they were retained in the analyses.

2.4.1.3. Nesting within agencies. First, an intra-class correlation (ICC) was calculated using HLM software version 7.0 (Raudenbush,
Bryk, Cheong, Congdon, & Toit, 2011) to explore whether the nesting of practitioners within agencies should be accounted for in
other analyses. A two-level unconditional model with practitioners nested within agencies that predicted final survival status was
used to generate an ICC, which describes the proportion of variance in final survival status that could be explained by the nesting of
practitioners within agencies. The ICC was .0078, indicating that less than 0.8 % of the variance in final survival status could be
explained by nesting effects. Furthermore, this ICC was not significantly different from zero (χ2= 10.3, df= 8, p= .243).
Consequently, the nesting of practitioners among agencies was not accounted for in remaining analyses.

2.4.1.4. Prediction of final survival status. Final survival status was first predicted using a series of univariate models in which 12
predictors were each explored separately. Continuous predictors were examined using one-way ANOVAs, and dichotomous predictors
were examined using chi-square analyses. Next, the univariate predictors that showed promise (p < .10, which is the standard
criterion for retention in stepwise regression) were entered simultaneously into a multivariate model to predict final survival status.
This multivariate model used a logistical regression with a stepwise procedure to add/remove predictors and to settle on the most
significant and parsimonious final model. Both forward- and backward-stepwise procedures were used to explore the robustness of
any final model.

2.4.1.5. Survival analysis. Survival analysis was used to examine the relationship between univariate predictors and the timing of
when practitioners left their agencies (or their failure to do so). The survival analyses were intended to explore whether including the
exact timing of practitioner departure would add to the understanding of differences between conditions.

The Cox proportional hazard (CPH) variation was used for the survival analysis since CPH can accommodate both categorical and
continuous predictors. The Kaplan-Meier (K-M) variation of survival analysis was not used because it requires conversion of con-
tinuous predictors into categorical predictors, resulting in lost variability. However, K-M survival analyses were used post-hoc to
create survival function graphs for univariate analyses that were significant using the CPH approach. These K-M survival function
graphs are a clear visual demonstration of the difference in survival rates of different groups of cases over time. Median-split versions
of continuous univariate predictors were used as needed for these K-M analyses.

Paralleling the process for predictions of final survival status, the next step was to examine a multivariate CPH survival analysis.
The mechanics of multivariate CPH are very similar to multivariate regression; both forward- and backward-stepwise procedures
were used to explore the robustness of any final model. For both univariate and multivariate CPH models, the Cox proportional
hazard assumptions were explicitly tested based on Schoenfeld residuals using STATA version 14 software. The assumption of
proportional hazard held in all models.

2.4.2. Qualitative
Interviews lasted approximately 45min and were audio-recorded and transcribed for analysis. A primary coder read transcripts to

identify recurring themes; these were used to develop the codebook. Two coders independently coded all transcripts for major
domains of inquiry using qualitative data analysis software (ATLAS.ti). The coders identified and discussed any disagreements that
occurred with independent coding. If coders did not reach consensus, the text was discussed by additional researchers to achieve a
consensus about the statement. The categories were provisional and were finalized after a process of constant comparison in which
each statement was checked against similar data and against a more inclusive category that described the statements in a class
(Strauss, 1987). Subsequently, the research team discussed the content of each domain and refined the coding scheme by expanding,
collapsing, or eliminating codes until there was consensus. Additional coding was done based on the range of responses within each
domain. Kappa reliability rates were calculated (.65–.67).

3. Results

3.1. Participants

Table 1 shows that the 169 practitioners who contributed quantitative data were primarily Caucasian (72.6 %) females (77.1 %),
some of whom held masters’ degrees or higher (43.3 %). On average, participants were 33.3 years of age with an average of 6.6 years
of experience in the field; 51.5 % reported being in their job for a year or more. As shown in Table 1, the 40 practitioners who also
participated in the qualitative study were mostly Caucasian (75.0 %) females (60.0 %), some of whom held masters’ degrees (47.5 %).
On average, participants were 33.4 years of age with an average of 7.2 years’ experience; 48.7 % reported being in their job for a year
or more and had been in their job an average of 3.43 years before leaving. Thirty-three participants (82.5 %) left of their own volition,
while seven (17.5 %) left involuntarily (five reported being fired; two reported being laid off).
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3.2. Quantitative data

3.2.1. Univariate predictions
As shown in Table 2, two of the 12 univariate baseline predictors of final survival status were significant at the p < .05 level (age

and job satisfaction). Lower age and lower job satisfaction were both associated with leaving the agency. Two other predictors (at
least one year at the agency [yes or no] and years in the field were significant at the p < .10 threshold set for inclusion in subsequent
multivariate analysis. Less than one year at the agency and fewer years in the field were both associated with leaving the agency.

3.2.2. Multivariate predictions
These four significant or trending univariate predictors had intercorrelations that ranged from −.13 to .69, and the multivariate

models were able to run without any signs of multicollinearity. Including all four predictors in a single forward-conditional stepwise
logistic regression produced a final model where age emerged as the only significant predictor (p= .027), but it only explained 3–5%
of the total variance in final survival status. The backward-conditional stepwise logistic regression produced similar results, with age
(p= .040) as the best predictor remaining in the final model, and job satisfaction as a trending predictor (p = .078). This backward-
conditional stepwise model explained 5–7% of total variance in final survival status.

3.2.3. Survival analyses
3.2.3.1. Univariate predictions. Results of the univariate survival analysis are shown in Table 3. Three of 12 items - job satisfaction,
years of experience in the field, and years at the agency (0 or 1+) - significantly predicted when practitioners would leave the
agency. Lower job satisfaction, less experience in the field, and less than a full year at the agency were associated with earlier
departure, as shown in the survival functions in Figs. 2–5. Fig. 6 is a graph of the survival functions produced using the univariate
predictor of condition. It is representative of all survival functions in which the survival analyses did not show a significant

Table 1
Practitioner Background and Predictor Variables at Baseline.

Variable Quantitative (N=169) Qualitative (N=40)

N M (SD) / n (%) N M (SD) / n (%)

Professionally licensed 160 18 (11.3 %) 39 5 (12.8 %)
Highest degree in psychology or social work 164 90 (54.9 %) 40 22 (55.0 %)
Condition (AF-CBT) 169 83 (49.1 %) 40 23 (57.5 %)
Gender (Female) 166 128 (77.1 %) 40 30 (75.0 %)
Minority status 168 46 (27.4 %) 40 16 (40.0 %)
Master’s degree 164 71 (43.3 %) 40 19 (47.5 %)
Training wave (3,4, 5) 169 77 (45.6 %) 40 12 (30.0 %)
Age 162 33.3 (10.1) 40 33.4 (10.0)
Job satisfaction 164 22.6 (5.3) 40 23.1 (5.3)
Emotional exhaustion 164 7.3 (5.6) 40 7.4 (5.6)
Organizational commit 164 19.8 (6.1) 40 20.5 (7.0)
Years’ experience in field 164 6.6 (5.9) 40 7.2 (6.1)
Years at agency (1+) 163 84 (51.5 %) 40 19 (48.7 %)
Work across 4 types maltreatment 157 124.0 (85.2) 39 105.3 (75.3)

Note. Standard deviation (SD) is included for continuous variables; percentage is included for dichotomous variables.

Table 2
Univariate Predictions of Final Survival Status.

Predictor Stayed at Agency Left Agency F / X2 df p

n M (SD) / n (%) n M (SD) / n (%)

Condition (AF-CBT) 105 54 (51.4 %) 64 29 (45.3 %) 0.6 1 0.440
Gender (Female) 103 79 (76.7 %) 63 49 (77.8 %) 0.0 1 0.872
Minority status 104 25 (24.0 %) 64 21 (32.8 %) 1.5 1 0.216
Master’s degree 103 49 (47.6 %) 61 22 (36.1 %) 2.1 1 0.151
Training wave (3,4,5) 105 48 (45.7 %) 64 29 (45.3 %) 0.0 1 0.959
Age 101 34.7 (10.6) 61 31.0 (9.0) 5.3 1160 0.023
Job satisfaction 103 23.2 (5.3) 61 21.5 (5.2) 4.1 1162 0.045
Emotional exhaustion 103 7.2 (5.5) 61 7.5 (5.8) 0.1 1162 0.769
Organizational commit 103 20.4 (5.8) 61 18.8 (6.6) 2.6 1162 0.108
Years’ experience in field 103 7.2 (6.0) 61 5.4 (5.7) 3.6 1162 0.061
Years at agency (1+) 102 58 (56.9 %) 61 26 (42.6 %) 3.1 1 0.078
Work across 4 types maltreatment 99 129.9 (83.8) 58 113.9 (87.2) 1.3 1155 0.260

Note. Standard deviation (SD) is included for continuous variables; percentage is included for dichotomous variables.
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relationship.

3.2.3.2. Multivariate predictions. The five significant or trending univariate predictors had intercorrelations that ranged from −.13 to
.74, and the multivariate models were able to run without any signs of multicollinearity. Including all five predictors in a single
forward-conditional stepwise CPH survival analysis produced a final model where job satisfaction and years worked at agency (zero
vs. one or more) emerged as the only significant predictors (p = .013 and .007, respectively). The backward-conditional stepwise
CPH survival analyses produced the same result.

Table 3
Univariate Predictions of Length of Survival (CPH Survival Analysis).

Predictor N Values Wald df p Exp(B)

Condition 168 AF-CBT vs TAU 0.1 1 0.704 0.909
Gender 165 Female vs not 0.0 1 0.896 1.041
Minority status 167 Minority vs not 2.3 1 0.127 1.505
Education level 163 Masters vs not 1.0 1 0.319 0.766
Training wave 168 Waves 1–2 vs 3–4–5 0.2 1 0.620 1.135
Age 161 continuous 4.4 1 0.036 0.969
Job satisfaction 163 continuous 4.6 1 0.032 0.951
Emotional exhaustion 163 continuous 0.1 1 0.820 1.005
Organizational commitment 163 continuous 3.8 1 0.053 0.961
Years’ experience in the field 163 continuous 4.2 1 0.041 0.948
Years at agency 162 0 vs 1+ years 5.9 1 0.015 0.526
Work across 4 types of child maltreatment 156 continuous 0.8 1 0.378 0.999

Fig. 2. Survival Functions for Years Worked at Agency.

Fig. 3. Survival Functions for Job Satisfaction.
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3.3. Qualitative data

3.3.1. Differences between previous and current work environments
Participants reported notable differences between their previous and current work environments; the majority remained in the

human services field (78 %, (n=31), 15 % (n = 6) were not working, 2.5 % (n=1) went to graduate school, and 2.5 % (n=1)
retired (see Table 1). Only one person (2.5 %) reported leaving the field. Most participants considered their job change a promotion

Fig. 4. Survival Functions for Years of Experience in the Field.

Fig. 5. Survival Functions for Age.

Fig. 6. Survival Functions for Condition.
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(67 %; (n=20) or lateral move (23 %; n=7); only 10 % (n=3) considered it a demotion. Most (90 %; (n=28/31) were satisfied
with their new role.

When asked how much money influenced their decision to change jobs, practitioners rated the influence an average of 2.74 on a
scale ranging from 1 (not at all) to 5 (completely). However, most reported an increase in salary. On average, practitioners made
$14.61 per hour ($30,409 per year) in their previous job. In their new roles, they made $18.36 per hour ($38,188 per year). Most
(72.5 %; (n=29) reported being the primary wage earner for their family. Most received benefits; few notable changes were reported
with benefits with changes in employment. Opportunities to advance within their organization varied for previous versus current
positions; 13 participants reported opportunities to advance within their previous role, compared to 24 who reported opportunities to
advance within their current role. With a change in jobs, many practitioners went from having to hold two jobs to only needing one
job. Three (7.5 %) job changes were related to practitioners having young children.

3.3.2. Themes related to workforce turnover
Five themes emerged from the qualitative data highlighting influences on turnover, including job characteristics, compensation,

productivity requirements, career advancement, and the role of peer and supervisor relationships. Regardless of participants’ reasons
for leaving, a dominant theme was the characteristics of the job. Many spoke of the challenging nature of the work due to several
factors: long, evening, and otherwise inconsistent hours; being on call; unsafe situations; driving all day; and dealing with intense
issues. When asked which factor was most influential in deciding to leave, a practitioner responded, “I think just the program itself. It
was so stressful. The fact that we were on call 24 h a day, 7 days a week. I felt like my agency and my clients owned me. I don’t think that’s
healing to others.”

Work challenges were often viewed considering compensation. Many participants noted that few people could perform difficult
work that is low paying for an extended time period.

A practitioner said:

“I hate to bring it all down to money, but when you’re doing an extremely stressful job-I mean if you think about it like you’re a doctor and
you are in the ER and you’re working like a dog-but doctors get paid a lot more money than counselors do. And so when I was working like
an intense, intense job working with intense issues but only getting paid like practically not much more than minimum wage, after 5 years at
an agency, that makes it really hard for that individual to want to continue to do that work.”

The combination of challenging work and low pay led, at least potentially, to burnout for many participants. One person said,
“The type of job, it’s just indicative of burnout. Especially if you really care about your job and the people that you work for. I’d say a job like
that you can probably last three years.”

Another participant explained:

“Well, I really felt just overwhelmed with the number of hours that I needed to work, and I was concerned that at some point it was going to
negatively affect my ability clinically. And working in this field, and especially working with children and with families that have had
trauma, you really have to stay at your best and really provide good self-care to be effective. So I was very worried that it was just a matter
of time before I would burn out, and I didn’t want that to happen.”

Many participants spoke of the emphasis on productivity and the focus on billable hours and required paperwork. This was
considered a stressor by participants who spoke of it.

“It’s like productivity, you’re constantly getting drilled, drilled, and drilled, and then you’re - it starts to develop drama from it. You can’t
focus and you’re…like you’re waiting for the ax to fall, and everybody else around you is in the same boat, and you’re always hearing it, so
it’s like you start to feel like you’re in a factory.”

Career advancement was another common theme. Practitioners often left to take a higher-level position or to return to graduate
school. Often, practitioners described their former jobs as stepping stones in their careers. Others complained of the lack of op-
portunities for growth within their agencies.

One participant said, “The supervisors had been there for, you know, a million years, and there wasn’t really anywhere to move up to.”

The quality of the clinical supervision received was important to many participants and even influenced some to leave their
agencies.

A practitioner said,

“I didn’t feel like I was being challenged enough, especially for it being family therapy. I think she [the supervisor] was a very bright woman,
but as a marriage and family therapist, I definitely had more background than she did. And so I felt like I learned everything I could learn
from her and it was time to move on.”

Relationships with supervisors, partners, and peers impacted practitioners’ decisions about leaving or staying at their agencies.
One participant reflected:

“I just felt like it was a very unhealthy environment. And the reason why I didn’t quit was because I had been there for four and a half years
and I really liked the job. I just hated going into the office and even interacting with the director or my supervisor, or any of the other
supervisors.”
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3.3.3. Separation from their agencies
Those who were laid off or asked to leave cited a lack of effective communication at their agencies.
A participant described,

“It wasn’t supportive communication. It was basically like, ‘You’re not doing a good job, we’re going to write you up.’ It wasn’t like, ‘How
can we help you? What’s going on?’ It wasn’t like a supportive communication. It was just like, ‘You’re doing a bad job. You’re suspended,
and then you’re expelled.’”

Those who quit focused more on personal issues. Some did not find their position conducive to raising a young child. Others said
they left a job with long and inconsistent hours to spend more time with family and friends. Some specified advancement, such as
going into private practice or leaving for a better job when attaining licensure.

Despite these challenges, some practitioners remained at their agencies for months or after initially considering leaving. A
common reason given was their passion for the work. They found the work rewarding and felt obligated to bring clients to some
resolution before leaving. One said, “There were a couple of families that I felt were actually doing the work and getting better. And so that
was part of the reason that I stayed.” Another noted, “With this kind of job you can have a positive influence on people that are in need. I
mean that’s the only reason why anybody does a job like this at all.”

3.3.4. The role of EBP implementation on leaving
Practitioners were asked about their participation in the effectiveness trial. Most found study participation beneficial. For ex-

ample, one participant said, “I loved being part of the Partnerships for Families project and honestly that was part of the job that I hated to
give up, so if things were different for me, I might have stayed for that reason.” Several control group participants mentioned that they
would rather have been in the treatment group. Regarding the EBP (AF-CBT), the practitioners described positive experiences with
the intervention and training experience. One participant mentioned “I really loved learning how to do an intervention and then actually
being able to go work with a family with it. And then, even better, receiving feedback from the people in the project or my coworkers or my
other colleagues when we would have those consultations. So, I just think actually putting it into practice was the thing I loved the most.”

When asked if participation in the effectiveness trial impacted their decision to stay at or leave the agency, most participants
responded by saying something like “No, I mean I liked the training. It was cool. I mean nothing [about the study or treatment] really
influenced me to leave; there just wasn’t no appreciation at my agency.” Another person mentioned “by the time I went for the training I, I
had pretty much already decided I was leaving.”

4. Discussion

With 45 % of practitioners leaving their agencies over the three years, the turnover rate in this study is slightly lower than other
reports on the mental health workforce (Substance Abuse & Mental Health Services Administration, 2013) and somewhat higher than
turnover rates found in other EBP effectiveness trials (Aarons et al., 2009; Beidas et al., 2015; Kolko et al., 2012). Also consistent with
prior studies, younger age (Ben-Dror, 1994; Blankertz & Robinson, 1997) and lower job satisfaction (Aarons et al., 2009; Ben-Dror,
1994) were significant predictors of turnover. Lower job satisfaction and less experience in the field were also significant predictors of
participants leaving their jobs earlier in their tenure with the agency. But these predictors explained very little variance in their
respective outcomes. This is consistent with the literature on turnover, which indicates that workforce turnover is a complex phe-
nomenon influenced by many personal and organizational factors that are difficult to comprehensively assess with only quantitative
methods (e.g., Annapolis Coalition, 2007; Beidas et al., 2015).

One strength of the current study is that findings are not limited to what can be inferred from quantitative data. While these data
are important in that they replicated previous findings, interviews with practitioners who left their agencies provided a rich source of
information not available through quantitative means. While it is possible to isolate variables that are statistically predictive of
turnover at an aggregate level, the use of mixed methods and qualitative data provides a more nuanced understanding of the complex
individual differences that contribute to one’s decision to leave a job (Palinkas, Aarons et al., 2011; Palinkas, Horwitz, Chamberlain,
Hurlburt, & Landsverk, 2011). For instance, some practitioners said that their choice was motivated by unique factors, such as
moving to be closer to family or needing more consistent hours to care for children. While such factors could theoretically contribute
to lower job satisfaction, it is unclear to what extent participants associated their unique experiences with job satisfaction on
quantitative measures.

Within the interviews many practitioners described factors that contributed to low job satisfaction and to their decision to leave
that may have not be adequately captured by the quantitative questionnaires. Many reflected on the challenging nature of their work
described dealing with intense and unsafe situations, long and/or inconsistent hours, frequent travel, and inadequate supervision
with high expectations, all for relatively low pay. The specific factors likely contributed to the low job satisfaction ratings that were
statistically predictive of turnover.

Although it is often assumed that behavioral health practitioners’ low pay contributes to high turnover rates, there is inconsistent
support for this hypothesis across several studies (Beidas et al., 2015; Ben-Dror, 1994; Bukach et al., 2015; Sheidow et al., 2007; Tang
et al., 2000). One possible explanation for these inconsistencies is that social desirability may result in participants being less likely to
report income as a reason for leaving a job. Individuals working in the behavioral health field often express a high level of passion for
their jobs. Perhaps practitioners believe they are more intrinsically motivated than employees in other industries and thus are less
likely to report that extrinsic factors, like income, are important to maintaining a job.

Another possible explanation is that there may be a threshold at which salaries are particularly important. In the economic
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literature, some evidence suggests that a certain annual income (e.g., $75,000 for household income in 2010; Kahneman & Deaton,
2010 “is a threshold beyond which future increases in income no longer improve individuals’ ability to do what matters most to their
well-being such as spending time with people they like, avoiding pain and disease, and enjoying leisure” p. 16492. Annual incomes
below the threshold were associated with low rates of life satisfaction and emotional well-being Kahneman & Deaton, 2010). Perhaps
inconsistencies regarding the degree to which income influences turnover could be explained by this threshold concept. Although
some studies have examined salary as a numeric variable (Bukach et al., 2015; Sheidow et al., 2007) rather than ratings of satisfaction
with or importance of salary (Beidas et al., 2015; Ben-Dror, 1994; Tang et al., 2000), it is unclear if any have examined salary in terms
of a threshold. Future research should consider this concept to further elucidate the role salary might play in predicting turnover.

Another theme that emerged from practitioner interviews was the positive experience within the larger research study, treatment
model and training. However, these positive experiences were not enough to keep the practitioners at their organizations. Instead,
participants reported that there were more powerful influences (e.g., work-life balance, difficult environment) that impacted their
decision to leave. Despite not finding a protective effect associated with EBP training that has been found in other implementation
trials (Aarons et al., 2009; Beidas et al., 2015), some practitioners reported that they felt more inspired and renewed by participating
in the research study and by contributing to the field on a larger scale. Others indicated that the training itself was very useful.

Other practitioners indicated that the AF-CBT training made them more competitive in the job market. This is an important factor
for agencies to consider when offering EBP trainings to current employees. Due to high turnover in the behavioral health industry, it
is possible that employees who are thinking about leaving agree to complete training with the idea that it will make them more
attractive for new positions. Although assessing this would be challenging, it could be important for future research and for beha-
vioral health agencies in general. There can be considerable cost associated with EBP training (Cook et al., 2009). If a significant
number of employees want EBP training solely to be more competitive, offering such trainings could be counter-productive for
employers. Thus, it may be worthwhile for agencies in future EBP implementation initiatives to offer increased compensation or
require a contractual obligation for employees participating in agency-sponsored trainings.

Another point that many practitioners made in the discussions was that they often knew that they were going to leave their
organization well before they left. They described time when they were growing increasingly dissatisfied with their organization and
looking for other opportunities, before they left. If organizations were more aware, this might be a critical window of time to provide
support or intervene to retain employees.

This study was part of a larger effectiveness trial but was not envisioned or designed at the onset of the effectiveness trial. Instead,
as we observed the potential impact of workforce turnover on the study and the field, we sought to better understand it. This type of
effectiveness-implementation hybrid design is likely helpful in speeding the translation of research into practice because the design
has a dual purpose/aims, is responsive to community trends, is flexible and increases the relevance of research (Curran, Bauer,
Mittman, Pyne, & Stetler, 2012). Given that there are few examples of hybrid trials and accompanying guidance on how to conduct
them, hopefully this study will offer one example.

4.1. Limitations

Despite the strengths associated with using mixed methods (Palinkas, Aarons, et al., 2011; Palinkas, Aarons et al., 2011), there are
limitations to the current study worth noting. First, it is crucial to consider the economic context during the study. These data were
collected in fiscal year 2010 (July 1, 2009 to June 30, 2010) when the economic downturn significantly affected organizations
(Opportunity Knocks, 2010). During this time, U.S. workers experienced higher unemployment rates (9.5–10.0) than in preceding
years, which averaged around 5% (Bureau of Labor Statistics, 2011). It is possible that practitioners were more sensitive to the fact
that additional trainings and credentialing would make them more competitive for jobs should they experience a layoff. The in-
creased unemployment rate may have also increased the fear of job loss, which could explain this study’s lower turnover rate
compared to typical behavioral health rates. This is likely, considering that turnover rates for nonprofits were lower in the 2010 fiscal
year than in preceding years (Opportunity Knocks, 2010). There might also have been influences related to the social system and
large, urban city of which this study was a part. An additional limitation is that turnover rates at the program or agency level for
participating agencies was not collected. Having that information would have helped put this project in context.

There were also a few limitations related to study design. First, this study provides information from a set of practitioners who
were already enrolled in an effectiveness trial, which complicates interpretation of findings and limits generalizability. Second,
qualitative interviews were only completed with practitioners who left their agencies rather than everyone at the agencies (i.e.,
including those who remained). While it would have been ideal to learn from all practitioners in each agency to report a more
balanced perspective, the intention of this investigation was to understand more from those who left their organizations, within the
limits of our scope and accompanying budget. A third limitation related to study design is the time difference between quantitative
and qualitative data collection. Quantitate data were only collected up to 18 months, but the qualitative data included participants
who left as long as 36 months after the study started. Using a 36-month period was helpful for capturing a long window of time and
additional turnover, and was necessary to reach saturation. But it also makes it different to understand what the immediate reasons
were for someone leaving their job.

Another limitation common to studies using a follow-up approach and qualitative methods is a low response rate. Of the 75
practitioners who were eligible to participate in interviews, 31 were unresponsive to recruitment attempts and 2 were unreachable.
This resulted in a sample of 40 participants, for an overall response rate of 53 %, despite recruitment attempts including cover letters,
phone calls, and emails. Though saturation was reached, it is possible that important perspectives about turnover and the larger
effectiveness trial were missed because we could not reach all participants.
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4.2. Future directions

Given the complexity of this topic and inability to describe much variance with quantitative methods, this area of research could
benefit from additional qualitative or mixed-method studies. Once a clearer understanding of why turnover happens at such a high
rate in the field is achieved, researchers should focus on interventions to prevent turnover. Some approaches have been suggested to
reduce turnover such as increased staff recognition, staff inclusion in decisions and use of career ladders as well as decreased
administrative burden, and improved supervision (Annapolis Coalition on the Behavioral Health Workforce, 2007). The role of the
supervisor has been highlighted as particularly important for staff retention; however, the relative advantage of each of these ap-
proaches are unknown. There may be factors unique to the behavioral health workforce (e.g., vicarious trauma) that are particularly
important to consider. Additional mixed-methods research on practitioner turnover is needed to determine under what circumstances
EBP training is associated with lower turnover. The behavioral health field, and especially behavioral health clients, have much to
gain from the development of a more stable workforce.
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